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ABSTRACT
The use of artificial intelligence (AI) technologies is now widely integrated into language education, providing effective ways to assist learners' speaking practice in EFL classrooms. This research explores the possibility of applying AI chatbots as digital speaking partners to improve students’ speaking competence. A quantitative quasi-experimental design was used with 60 third-semester university students divided into an experimental and a control group. The study's experimental group used an AI-based chatbot to practice speaking, while the control group received traditional instruction. The students’ speaking performance was measured by using an analytic rubric that consisted of pronunciation, grammar, vocabulary, fluency, and comprehension. The experimental group’s mean score on the pre-test was 80.50, and on the post-test, it increased to 85.07. In contrast, the control group had only improved from 79.47 to merely 79.83 on the two tests, respectively. The data was analyzed using an independent samples t-test, confirming a significant difference between the two groups (t = 3.241, p = 0.002), indicating that students who practiced speaking with AI chatbots demonstrated significantly greater improvement in their speaking performance compared to those receiving traditional instruction. These results reflect that utilizing AI chatbots in speaking practice has the potential to significantly improve EFL learners’ speaking proficiency by providing more opportunities for interactive practice.
Keywords: AI Chatbots; Speaking Proficiency; EFL Learners



INTRODUCTION

A new revolution in language learning has been sparked by the application of artificial intelligence (AI), particularly in the teaching of English as a second or foreign language (ESL/EFL). The use of digital tools in language instruction has evolved as a result of this technical advancement, transitioning from conventional instructional frameworks to more intelligent and flexible learning environments. In recent years, research in language education has transitioned from conventional Computer-Assisted Language Learning (CALL) to AI-mediated language learning, utilizing generative AI and intelligent tools to enhance learner interaction, autonomy, and motivation (Huang et al., 2025). AI-powered chatbots have emerged as a prominent resource for enhancing oral proficiency through personalized, interactive learning, attributable to improvements in educational technology. Over the past sixty years, chatbot technology has significantly advanced, especially because of developments in Natural Language Processing (NLP), Machine Learning, and the accessibility of Large Language Models (Du & Daniel, 2024). As a result, AI chatbots serve as interactive digital companions with dialogic engagement, formative feedback, and realistic conversation simulation in addition to being technology tools. It explains their growing acceptance in EFL learning contexts.

Building on the generally favorable outcomes of recent AI-mediated speaking research, it is important to recognize some methodological limitations in previous studies. Several earlier studies have used qualitative or mixed-method approaches, focusing on student views, motivation, and attitudes toward chatbot usage rather than directly testing increases in speaking proficiency (Syaifulloh & Yappi, 2025). Even though these viewpoints are useful, oral performance is often treated as an additional outcome rather than the main research variable. A restricted segment of the literature employs strong quantitative or controlled experimental designs that facilitate clearer causal interpretations of speaking enhancement (Fathi et al., 2024). The limited number of studies in diverse EFL contexts in Asia, particularly Indonesia, highlights a significant gap, compounded by varying learning environments and learner profiles. Additionally, many studies rely on self-reported progress instead of objective performance metrics, and the inconsistent application of established scoring frameworks and standardized speaking rubrics reduces cross-study comparability (Alenezi & Alenezi, 2025). Consequently, while previous research provides a strong foundation, further meticulously designed and contextually relevant quantitative studies are necessary to determine the precise impact of AI chatbots on EFL speaking proficiency.  Nevertheless, previous research has hardly investigated the impact of persistent engagement with AI chatbots on observable progress in learners' speaking performance in a systematic classroom environment. Existing research has largely focused on learners' perceptions or motivational outcomes, meaning empirical evidence is lacking that directly measures changes in speaking proficiency based on standardized assessment criteria. Moreover, there has been a scarcity of controlled quantitative studies that utilize benchmark assessment tools to directly evaluate the impact of prolonged exposure and interaction with AI chatbots on learners' speaking performance. Further, this gap emphasises the need to perform empirical research that empirically investigates if AI chatbots can enhance significant improvement in measurable speaking performance in EFL classrooms.

Although the potential of AI chatbots in language acquisition is acknowledged, robust quantitative evidence about their function as digital speaking partners remains comparatively limited, especially in Asian EFL contexts like Indonesia. Chatbot integration in language schools has been the subject of previous research; however, studies that use a strictly quantitative design and isolate speaking proficiency as the primary dependent variable are still comparatively understudied. Empirical research that quantitatively assesses objective improvements in learners' oral performance, as compared to primarily emphasizing affective factors like motivation or perception, seems to be inadequately explored in Indonesian EFL contexts. This context is especially significant given that Indonesian EFL learners typically have limited authentic speaking opportunities beyond the classroom, highlighting the potential for digital conversational partners to facilitate ongoing oral performance. In addition, university-level EFL learners are considered an important group to be investigated as they need to establish communicative competence for academic and professional purposes. Thus, studies that compare learners' performance before and after sustained interaction with AI chatbots and systematically evaluate speaking improvement using standardized scoring rubrics are required. Consequently, this study aims to explore whether continued interaction with AI chatbots as digital speaking partners could measurably enhance Indonesian EFL learners' speaking proficiency. The study positions AI chatbots as interactive speaking partners rather than as supplemental learning tools, offering context-specific empirical proof of their effectiveness in fostering sustained oral communication practice.

LITERATURE REVIEW

AI Chatbots in Language Learning

Henken et al (2020, as cited in Fathi et al., 2024) revealed that chatbots are computer programs that facilitate real-time conversations with learners, simulating interactions similar to those with actual individuals in the real world. They offer an interactive environment for learners to practice language skills, allowing for greater accessibility and flexibility without the need for human tutors (Safar & Anggraheni, 2024). In situations where few human partners are available for language learning, AI chatbots have become useful digital speaking partners, offering learners consistent availability, low anxiety, and opportunities for repetitive practice. Research reveals that English as a Foreign Language (EFL) students consider AI chatbots as an excellent tool for boosting their speaking practice. This view derives from the increased motivation and confidence students have, mostly because of the freedom to connect with chatbots without the fear of criticism and receive supportive feedback whenever they choose (Maysuroh et al., 2025). 
Research based on interactionist theory suggests that engaging with AI chatbots corresponds with the Interaction Hypothesis, highlighting the significance of meaningful participation in enhancing speaking proficiency. Moreover, generative AI chatbots may reduce foreign language speaking fear and enhance communication willingness by simulating real-time discourse, hence reinforcing Swain's Output Hypothesis regarding the importance of language production in learning (C. Wang et al., 2024). According to Jinming & Daniel (2024) AI enables individualized, adaptive speaking practice by providing real-time feedback and conversation based on learners' competency levels. Systematic studies of chatbot use in EFL contexts show that AI interactions improve learner autonomy, self-regulated practice, and repeated oral output, which is especially useful when native speakers are not easily available. Chatbots are useful for improving speaking practice in EFL settings when native speaker exposure is limited, as they provide rapid interaction opportunities that allow students to improve spoken language outside of regular classroom hours. Their integration into educational settings promotes customized, low-anxiety speaking practice, making them an effective pedagogical method for enhancing EFL learners' oral proficiency.


Speaking Proficiency in EFL Context

Communicative Language Teaching (CLT) prioritizes interaction and authenticity in EFL speaking classes, emphasizing communicative competence and speaking proficiency as crucial for language acquisition (Mohira, 2025), enabling learners to convey meaning, negotiate concepts, and engage in real-time conversations. However, learners frequently suffer from speaking anxiety, which reduces their confidence and involvement in oral tasks, particularly due to a fear of making mistakes and limited practice chances (Adawiyah et al., 2025). Furthermore, Wariyati et al (2025) stated that the lack of exposure to English-speaking situations and authentic communicative scenarios remains a persistent obstacle for learners' oral development. According to Tiana et al (2025), the significance of speaking performance dimensions is explained in detail, demonstrating that integrated elements like fluency, accuracy, pronunciation, vocabulary, and confidence all represent speaking proficiency and are important indicators of learners' oral competence. Conventional EFL classes sometimes restrict speaking practice because of time limitations and an emphasis on teacher-centered pedagogy, resulting in insufficient authentic interaction and feedback. Recent research demonstrates that AI-assisted speaking tools and chatbot environments can enhance practice frequency, reduce affective barriers, and bolster learners' confidence and fluency by providing low-risk communication contexts (Maysuroh et al., 2025). In addition, based on Safitri et al’s (2025) systematic review of AI chatbot applications, these tools have the potential to help EFL students improve their speaking abilities, especially by providing individualized, anxiety-free conversation practice. As a result, in EFL pedagogy, speaking proficiency needs to be prioritized as the main instructional goal and reinforced by more exposure, real-world engagement, and technology-enhanced speaking practice
Empirical Studies on AI Chatbots for Speaking

Recent quantitative and quasi-experimental research has demonstrated that an AI chatbot–mediated speaking practice can significantly improve the oral communication(Apple, 2026) on skills of EFL learners, including fluency, vocabulary use, pronunciation, and willingness to communicate (WTC) in English, in comparison to traditional methods. For example, EFL learners who engaged with AI chatbots performed better than control groups on standardized speaking tests and increased their communicative confidence and willingness to communicate (Fathi et al., 2024). A controlled study indicated that students engaging with an AI chatbot demonstrated statistically significant improvements in speaking scores and greater speaking confidence compared to peers receiving conventional instruction, along with favorable student perceptions regarding the technology's accessibility and feedback mechanisms (Alenezi & Alenezi, 2025). According to another study conducted by Zhang (2026) AI chatbots produced speaking environments with low anxiety levels that encouraged people to communicate more, as evidenced by quantitative gains on utterance and oral competency tests after using the chatbot for several weeks. These empirical results support systematic reviews that show AI chatbots enhance learners' motivation and spoken English in EFL contexts (Syaifulloh & Yappi, 2025). Despite inconsistent attention to certain speaking subskills across research, recent data indicate that AI chatbots can effectively support speaking development as practice partners when properly instructed (Fathi et al., 2024). In general, recent research presents a generally positive, academically neutral view of AI-mediated speaking practice, supporting its potential to boost EFL learners' oral proficiency without overstating claims beyond the available data.

METHOD

Design and Sample

This study employed a quantitative quasi-experimental design using pre-test and post-test comparisons of an experimental group with a control group. This design was deemed suitable because the study sought to investigate whether employing AI chatbots could yield quantifiable gains in speaking skills in comparison to traditional instruction. This design is frequently used in educational research to investigate causal relations without random assignment, allowing comparisons between intact groups in real classroom settings (Jelena & Jelena, 2022). This design allows researchers to compare speaking performance across time using pre-test and post-test measurements, thereby enabling them to detect whether the improvement observed in the experimental condition was due to treatment received by that group.

The experimental group used Loora Premium, an AI-powered program that allows for interactive conversations and provides quick feedback on pronunciation, fluency, and grammar. The application serves as a virtual speaking partner, promoting independent learning and spontaneous oral communication practice. According to the Apple App Store listing, Loora has a 4.9 out of 5 rating from over 25,000 users, indicating that learners are very satisfied (Apple, 2026). Similarly, Google Play data show that the Android version has received more than 5 million installs and an average rating of 4.9 out of 190,000 reviews, with users applauding its real-time feedback and usefulness in boosting speaking skills (AndroidRank, 2026).

Purposive sampling was used to select participants according to predetermined standards that complemented the goals of the study. Purposive sampling, a non-probability technique, allows researchers to select participants who have the most relevant characteristics, enhancing the appropriateness and depth of the data collected (X. Wang, 2024). The sample consisted of 60 third-semester students enrolled in the Conversation for Specific Purposes course in the English Literature Department of a private university in Jakarta. The students were divided into two groups: control (30) and experimental (30). These students were chosen because of this level as they are supposed to be developing communicative competence, yet continue to experience difficulty maintaining fluent spoken interaction in English. Moreover, the class has a focus on relevant conversation topics which provides the right setting to integrate AI-supported speaking practice. As a result, these participants were regarded as suitable for investigating the efficacy of AI-assisted speaking practice.

Instruments and Procedures

A speaking test was employed as the primary research instrument in this study. The purpose of the instrument was to evaluate students' speaking skills statistically before and after treatment to assess for differences in improvement due to treatment. A validation of the test was conducted by an independent expert to ensure its suitability, following a review by the researcher and collaborators. Expert-reviewed analytic rubrics are widely acknowledged to provide significant proof of validity in performance assessment (Bulut, 2022). Adapted from Harris (1974) as cited in Tiana et al (2025), students' speaking performance in this study was assessed using five components: pronunciation, grammar, vocabulary, fluency, and comprehension. An analytic scoring rubric was used that corresponded with the teaching objectives, and content validity was determined through expert evaluation of the rubric descriptors. Prior to the main study, a pilot test was conducted to ensure that the speaking tasks and scoring criteria were clear and applicable to the participants. To ensure scoring reliability, two trained raters independently evaluated each student’s speaking performance. The raters consisted of the researcher and an English lecturer who were familiar with the assessment rubric and the learning objectives of the course. Inter-rater reliability was calculated using Cronbach’s Alpha, resulting in a coefficient of 0.76, which indicates acceptable agreement between raters (Bijani et al., 2022). This procedure helped minimize subjectivity and ensured consistency in the evaluation of students’ speaking performance. Overall, these processes ensured that the instrument produced valid and reliable measurements of students' speaking ability.

A series of steps was taken to ensure systematic implementation of the treatment, as well as the credibility of obtained data. When the experimental group was assigned to receive treatment, they did a speaking pre-test before the implementation (this also applied to the control group). The pre-test results established a baseline from which to measure student speaking performance before and after the intervention. To support speaking practice, the researcher provided access to Loora Premium applications for the experimental class. After giving a general overview, the lecturer showed us how to use the app. Students were asked to download it on their smartphones so that they could practice more at home and record their practice performances. The full treatment was delivered in 10 of the instruction meetings (14 total meetings) so that the included students could interact with the application many times in the learning period. Students worked in groups and participated in role-playing activities facilitated by the app during classroom sessions. For example, at the restaurant topic, the application acted as a virtual waiter that conversed with students directly. The model acted, in other contexts — at the office, for example, or at the airport — as a customer service agent or information center, which enabled students to apply conversations similar to those they would have out in the world. These interactions are designed to offer students meaningful drop-in situations during spontaneous speaking practice that resemble real-life communication.

Speaking performance was monitored and assessed repeatedly in the learning process, so ongoing assessment was conducted to collect information about students' speaking development and needs during the entire teaching process. In contrast, students of the control group were provided traditional speaking instruction that lacked any teacher-led discussions, classroom role play activities, and speaking practice without the help of AI-based tools. All participants in both groups were provided with equal instructional time, allowing the only factor to account for differences in performance as treatment. After the treatment period was completed, both groups completed a speaking post-test using the same assessment criteria as the pre-test. By comparing the pre-test and post-test scores, the researcher could see whether using the AI chatbot resulted in measurable improvements in students’ speaking proficiency. Data were analyzed using SPSS after their collection. Before hypothesis testing, preliminary statistical analyses were performed to to ensure that the data met the required assumptions for parametric testing. 

Data Analysis

The research hypothesis was examined through empirical methods, including data processing, test preparation, and hypothesis verification. Preliminary statistical tests were performed before regression analysis to ensure the dataset's validity and reliability. The Kolmogorov-Smirnov test was carried out to determine whether the data were normally distributed, which is a key assumption for parametric analysis. Furthermore, Levene's test was applied to confirm the equality of variances between groups, confirming that group comparisons were statistically valid. An independent samples and paired samples t-test were then used to determine mean differences between the two groups (Priyatno, 2024). All statistical analyses were performed using SPSS version 20.0. These processes ensured that the data met the required statistical assumptions, hence improving the accuracy and credibility of the hypothesis testing results. As a result, the findings obtained from the analysis can be considered reliable for generating research conclusions.

RESULT AND DISCUSSION

The findings of this study are based on a quantitative analysis of pre- and post-test results, which allows for a systematic comparison of students' speaking performance before and after the intervention. This strategy gives objective proof of improvement and helps in determining the effectiveness of the instructional treatment that has been implemented. The pre-test and post-test outcomes for both the control and experimental groups are summarized in the figure. 1 below.
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Figure 1. Overview of Speaking Test Results

The figure shows mean speaking test scores for control and experimental groups in pre- test and post-test results. The control group scored slightly higher at post-test (79.83) than pre-test (79.47), showing minimal progress. The experimental group, however, improved significantly from 80.50 to 85.07, indicating the treatment's effectiveness in enhancing speaking performance compared to conventional instruction. This finding specifically addresses the research aim of whether AI chatbots can help contribute to students’ speaking proficiency. The greater improvement in the experimental group suggests that using AI chatbots presented extra chances for speaking practice, which were absent from traditional classroom instruction.

Description of the Data

In this study, the use of AI chatbots is the independent variable, while speaking proficiency is the dependent variable (X and Y). The dataset was examined to determine the minimum and maximum values, as well as the mean, standard deviation, and other pertinent statistical parameters. Table 1 presents descriptive statistics on students' speaking proficiency grades in both groups.

Table 1. Summary of Descriptive Statistics
	[bookmark: _Hlk222578409]Class
	Test
	N
	Mean
	Median
	Std. Deviation
	Variance
	Min
	Max

	Control
	Pre-Test
	30
	79.47
	83.00
	6.388
	40.809
	65
	87

	Control
	Post-Test
	30
	79.83
	81.00
	5.972
	35.661
	70
	88

	Experimental
	Pre-Test
	30
	80.50
	82.50
	5.131
	26.328
	68
	87

	Experimental
	Post-Test
	30
	85.07
	85.00
	6.523
	42.547
	75
	96



The table shows the descriptive statistics of speaking test scores for both the control and experimental groups at the pre-test and post-test. In the control group, the mean score increased slightly from 79.47 to 79.83, showing minimal improvement. Meanwhile, the experimental class experienced a greater increase, with the mean rising from 80.50 in the pre-test to 85.07 in the post-test. Overall, the statistics indicate that the experimental class showed higher progress in speaking performance than the control class. This descriptive trend suggests that students who practiced speaking to the AI chatbot improved more than those who received traditional instruction. These results indicate preliminary evidence for the effectiveness of AI-supported speaking practice before further statistical testing is conducted.

Prerequisite Testing
  
Normality Test

A normality test is used to assess whether a dataset has a normal distribution. This is an important assumption for parametric studies like the independent samples t-test because it implies that the sample accurately represents the population. To examine distribution patterns, the Kolmogorov-Smirnov test is used on each dataset, which is frequently performed using SPSS. The test uses a null hypothesis stating that the data are normally distributed and an alternative hypothesis indicating deviation from normality; when the significance value exceeds 0.05, the null hypothesis is retained, indicating that the data are normally distributed. The results of the normality test are presented in the table 2 below.
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According to Table 2, the significance value of the experimental class is 0.645, and for the control class it is 0.360. Because both values are greater than 0.05, it can be concluded by the normality tests that the data in both groups are normally distributed. This indicates that the assumption of normality is met and enables additional analysis using parametric statistical tests.

Homogeneity Test

Before interpreting the t-test, a homogeneity test is performed to determine whether the variances of the two groups are equal. A significance value more than 0.05 indicates homogenous variances, whereas a value less than 0.05 shows disparate variances. The result of the homogeneity test is shown in Table 3 below.
Table 3. Homogeneity Test
	Nilai 
	
	
	

	Levene Statistic
	df1
	df2
	Sig.

	.041
	1
	58
	.841



The 'Test of Homogeneity of Variances' yields a significance value of 0.841, implying that the data groups for the experimental and control classes share the same variance, as it exceeds 0.05. Therefore, the assumption of equal variance is satisfied, allowing the independent samples t-test to be applied to compare the mean scores between the two groups. 

Hypothesis Test 

Independent Samples t-Test	

The Independent Samples t-test was utilized to determine if there was a statistically significant difference between the mean scores of two independent groups: the experimental speaking class and the control class. As outlined by Priyatno (2024) This test compares means from unrelated datasets. The null hypothesis suggests no significant difference, while the alternative hypothesis indicates a difference. The decision rule is based on a significance level, accepting the null hypothesis for values above 0.05 and rejecting it for values below 0.05, which signifies a statistically significant difference. Table 4 below provides a summary of the Independent Samples t-test's statistical results.
	
Table 4.  Independent Sample T-Test
	                 Independent Samples Test

	
	
	Levene's Test for Equality of Variances
	t-test for Equality of Means

	
	
	F
	Sig.
	t
	df
	Sig. (2-tailed)
	Mean Difference
	Std. Error Difference
	95% Confidence Interval of the Difference

	
	
	
	
	
	
	
	
	
	Lower
	Upper

	Nilai 
	Equal variances assumed
	.041
	.841
	3.241
	58
	.002
	5.233
	1.615
	2.001
	8.465

	
	Equal variances not assumed
	
	
	3.241
	57.554
	.002
	5.233
	1.615
	2.001
	8.466




The null hypothesis is rejected since the significance value is below 0.05 (0.002 < 0.05), indicating a statistically significant difference between the two groups. Additionally, the experimental class's higher mean score indicating that using an AI chatbot-based learning application improved students’ speaking performance. Thus, this result directly relates to the research objective of determining whether using AI chatbot technology would effectively improve students’ speaking proficiency compared with conventional teaching methods.

Paired Samples t-Test Result

A paired samples t-test analyzes the mean scores of two related measurements taken by the same subjects to determine the significance of the mean difference (Aini & Fadhilawati, 2024). Normality tests are required for this study to ensure that the data follows a normal distribution. In this case, the Kolmogorov-Smirnov method with SPSS was used to independently assess each group of data before conducting the paired samples t-test. The result of the normality test can be seen in the following table.
                                  Table 5. Normality Test
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The pretest data has a significance value of 0.007 (< 0,05), indicating it is not normally distributed, while the posttest data shows a significance value of 0.184, confirming normality. Consequently, a non-parametric test using the Wilcoxon test is applied for the difference test due to the non-normality of the pretest data (Priyatno, 2014). The Wilcoxon test was used to assess whether there was a difference between the pretest and posttest speaking scores. Decision-making is based on the level of significance: values above 0.05 indicate no difference, and values below 0.05 indicate a difference.
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The Wilcoxon test findings revealed a significance level of 0.000, which is less than 0.05, showing a significant difference between the pretest and posttest speaking scores. Furthermore, the mean scores show that the posttest average is greater than the pretest. 
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Table 7. Paired Samples t-Test
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The analysis yields a significance level of 0.000, resulting in the rejection of the null hypothesis in favor of the alternative hypothesis. This implies a considerable difference between pre-test and post-test scores, with the post-test average indicating increased speaking performance. These findings provide additional evidence that the implementation of AI chatbot-supported learning can positively influence students’ speaking proficiency.

These results offer empirical evidence for the effectiveness of AI chatbots as digital speaking partners in EFL context. The markedly improved performance of the experimental group relative to the control group indicates that regular use of an AI-powered conversation tool enhances learners' speaking ability. This discovery aligns with a growing body of research showing that AI-mediated language learning environments can enhance oral interaction skills through practice and feedback (Fathi et al., 2024; Alenezi & Alenezi, 2025). However, while previous studies has frequently focused on learners' perceptions or engagement with AI technologies, the current study provides further quantitative evidence proving substantial increase in speaking skill following structured chatbot-based practice. In contrast, the low progress in the control group demonstrates the limitations of traditional speaking instruction when possibilities for actual contact are limited. In contrast, the low gains seen in the control group highlight the limitations of traditional speaking instruction when opportunities for actual contact are limited. The difference between the two groups implies that technology-supported interaction can overcome one of the primary constraints of traditional EFL classrooms: the short time available for individual speaking practice.

The results can be interpreted through the lens of the interactionist perspective in second language learning. This interaction can take place because the AI chatbot provides learners with regular occasions for significant use, which is at the heart of the Interaction Hypothesis. By engaging multiple times in interactive conversation, students were positioned to negotiate meaning, get immediate feedback, and adjust their language use on demand. Such continuous interaction may have facilitated deeper processing of linguistic input and promoted the development of communicative competence. These findings build on prior reports suggesting that AI-derived conversational systems have the potential to simulate genuine conversation and facilitate interaction-based language learning (C. Wang et al., 2024). The rise in speaking scores, along with interaction, aligns with the concepts of the Output Hypothesis. In practice sessions, the chatbot challenged learners by requiring them to actively produce spoken language, enabling them to expand their linguistic resources and find gaps in knowledge. The opportunities to output continuous language could have, literature suggests, raised scores in speaking-related components such as fluency, vocabulary and coherence, among others, all key indicators of a successful speech. The results therefore support that speech practice with technology can offer an effective context for output-driven learning.

Findings the second dimension is related to the affective variables on language learning. The sharp uptick in the experimental group suggests that the AI chatbot promoted a relaxed atmosphere for students, driving them to practice more often and with greater confidence. This supports previous studies reporting that learners often perceive chatbot interaction as less intimidating than human interaction because it removes the fear of negative evaluation (Maysuroh et al., 2025). Learners in various EFL situations, including Indonesia, typically feel speaking anxiety due to a lack of exposure to actual English speech. The existence of a nonjudgmental digital interlocutor may thus raise learners’ willingness to communicate, resulting in increased speaking performance. From a teaching perspective, the findings highlight the importance of Communicative Language Teaching (CLT) in technologically enhanced learning environments. The chatbot improved contextualized speaking practice by imitating real-life situations. These simulated situations enabled learners to engage in meaningful communication that mirrored real-world interaction, a key concept of CLT. Rather than replacing teachers, the AI tool functioned as an additional conversational partner that extended speaking practice beyond classroom time. 

The statistical evidence confirms the conclusion that the observed improvement was due to the intervention. Both the significant findings from the independent samples test and those of the pre-post comparison indicate that benefits are consistent and measurable. This pattern implies that AI-mediated speaking practice can increase learner autonomy by allowing students to practice individually while still obtaining interactive feedback. Previous studies has also found that AI-based language learning tools can promote self-regulated learning and improve exposure to the target language (Safitri et al., 2025; Syaifulloh & Yappi, 2025). The practice that learners could do alone and receive instant feedback would have led to increased exposure to spoken English. This input was said to be a crucial aspect in improving communicative ability, especially when interaction is limited in a learning context. Moreover, the results indicate that practice facilitated by technology can efficiently complement classroom tuition by broadening learning opportunities beyond institutional teaching. In sum, these findings highlight the didactic prospects of integrating AI tools as structured speaking partners in EFL environments. 

Despite the findings, they are limited by the specific learner group and institutional context, which may affect generalizability. The quantitative design focused on performance outcomes, neglecting in-depth exploration of learners' perceptions or interaction experiences. Prior studies have suggested that a more nuanced understanding of how AI-mediated interaction impacts learning processes could be fostered by complementary quantitative and qualitative approaches. This study contributes to the literature by providing robust quantitative data regarding the role of AI chatbots in improving speaking proficiency in an EFL context in Indonesia due to these limitations. By presenting the chatbot as an interlocutor rather than a secondary device, the study extends current literature and resolves a gap in research where previous studies tend to push impressions over performance data. Thus, the data implemented here affirm that AI-mediated speaking practice can be an essential aspect of ongoing language instruction.

In summary, the analysis reveals that the effectiveness of AI chatbots emerges from their ability to create integrated learning environment features by combining interaction and output practice with affective support. This coherence between theory and practice reinforces the utilization of AI as an educational tool to improve communicative competence through the improvement of speaking skills. This integration enables learners to practise speaking more regularly, interactively, and confidently, resulting in greater communicative competence. Building on these findings, future research could be designed with a longitudinal focus, investigate specific learner groups, and employ mixed-methodological approaches to provide greater detail of the impact of AI technologies on language learning experiences.

CONCLUSION

This study adopted a quasi-experimental design to explore the effectiveness of AI chatbots in advancing EFL learners’ speaking proficiency when employed as digital counterparts. Post-test scores of students who practiced spoken English using the AI-based application were far above those of students receiving traditional instruction, the results show. Statistical analyses confirmed repeatedly that the improvement shown in the experimental group was statistically significant, showing that regular interaction with AI can positively impact learners’ oral performance. These results indicate that speaking practice mediated by AI offers meaningful opportunities for the repetition of language output, immediate feedback, and more frequent exposure to communicative tasks.

The main contribution of this study is to provide empirical quantitative proof that AI chatbots can work as interactive speaking partners that actively enhance the development of communicative competence in EFL learning contexts, rather than only as extra technical aids. The study adds to the growing field of technology-enhanced language learning by demonstrating measurable improvements in students' speaking performance. It also provides practical insights into how AI-mediated interaction can support speaking instruction in contexts where opportunities for authentic communication are limited. Pedagogically, it shows the opportunity to use AI chatbots as a complement in communicative language teaching by enabling students to practice speaking outside of class confines. The chatbot built a safe and convenient learning space for learners to engage more regularly and feel comfortable with the subject matter. Thus, various measures for fluency and overall communicative competence in the language learned were enabled by the students. Such methods underline how technology-rich learning instruments can support functional partners in the growth of language, instead of just being a basis for extra materials.

Based on these findings, several practical recommendations can be made for teachers and educators. First, AI chatbots can be used as supplemental speaking partners to provide students with more oral practice opportunities outside of the classroom. Second, teachers can create structured speaking activities utilising chatbot-based scenarios that mimic real-life communication contexts like service interactions, interviews, or ordinary chats. Third, teachers are encouraged to help students use AI tools as part of self-directed learning activities so that they can practise speaking more regularly and obtain quick interactive feedback. These methods can help to maximise the pedagogical benefits of AI-powered language acquisition. Despite these contributions, study findings are limited to a specific learner group and a relatively short intervention period. Future studies might address larger samples and longer implementation, especially mixed-method designs to get more insights into both performance outcomes as well as learner experience aspects. In general, the study offers solid empirical evidence that AI chatbots can be a valuable tool for supporting speaking development in EFL settings. Future research could also look into how different types of AI-mediated interaction affect learner engagement, confidence, and long-term speaking development in various EFL learning contexts.
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           NPar   Tests (Experiment Class)       NPar Tests (Control Class)      

One - Sample Kolmogorov - Smirnov Test  

  Nilai   

N  30  

Normal Parameters a  Mean  85.07  

Std. Deviation  6.523  

Most Extreme  Differences  Absolute  .135  

Positive  .117  

Negative  - .135  

Kolmogorov - Smirnov Z  .740  

Asymp. Sig. (2 - tailed)  .645  

a. Test distribution is Normal.   

   

   

One - Sample Kolmogorov - Smirnov Test  

  Nilai   

N  30  

Normal Parameters a  Mean  79.83  

Std. Deviation  5.972  

Most Extreme  Differences  Absolute  .169  

Positive  .105  

Negative  - .169  

Kolmogorov - Smirnov Z  .924  

Asymp. Sig. (2 - tailed)  .360  

a. Test distribution is Normal.   
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One - Sample Kolmogorov - Smirnov Test  

  Pretest  Posttest  

N  60  60  

Normal Parameters a  Mean  79.98  82.45  

Std. Deviation  5.768  6.738  

Most Extreme Differences  Absolute  .216  .141  

Positive  .112  .088  

Negative  - .216  - .141  

Kolmogorov - Smirnov Z  1.674  1.092  

Asymp. Sig. (2 - tailed)  .007  .184  

a. Test distribution is Normal.    
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Ranks  

  N  Mean Rank  Sum of Ranks  

Posttest  -   Pretest  Negative Ranks  11 a  21.05  231.50  

Positive Ranks  40 b  27.36  1094.50  

Ties  9 c    

Total  60    

a. Posttest < Pretest     

b. Posttest > Pretest     

c. Posttest = Pretest     
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Test Statistics b  

 Posttest  -   Pretest  

Z  - 4.070 a  

Asymp. Sig. (2 - tailed)  .000  

a. Based on negative ranks.  

b. Wilcoxon Signed Ranks Test  
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Paired Samples Statistics  

  Mean  N  Std. Deviation  Std. Error Mean  

Pair 1  Pretest  79.98  60  5.768  .745  

Posttest  82.45  60  6.738  .870  
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Paired Samples Test  

  Paired Differences  t  df  Sig. (2 - tailed)  

  Mean  Std. Deviation  Std. Error Mean  95% Confidence Interval of the  Difference  

   Lower  Upper  

Pair 1  Pretest  -   Posttest  - 2.467  4.036  .521  - 3.509  - 1.424  - 4.734  59  .000  

 


